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This study aims to examine whether there is a relationship between the presence of 

emergency homeless shelters (e.g., shelter v. no shelter) and adult (18+) arrest rates.  I combine 

datasets from the city of Washington D.C. to assess my research question, including: 2023 arrest 

data from the Metropolitan Police Department (MPD), location data of emergency shelters from 

the D.C. Department of Human Services (DHS), and neighborhood data from the U.S. Census. 

Using multivariable linear regression, I test the relationship between emergency shelters and 

adult arrest rates controlling for concentrated disadvantage.  I find a consistent positive 

relationship between the presence of an emergency shelter in a neighborhood and the adult arrest 

rate.  These results provide evidence that there is a greater police presence in Washington D.C. 

neighborhoods with emergency homeless shelters, but additional research must be done to 

determine if this relationship is spurious or due to the criminalization of homelessness. 
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Chapter 1: Introduction 

Understanding the relationship between arrest rates and emergency homeless shelters is 

critical for advancing knowledge on the impact of shelters on neighborhood policing. Research 

has captured the crime and homelessness relationship through other variables, such as with raw 

homeless population Point in Time (PIT) counts and crime data (Ee & Zhang, 2022), or the rate 

of emergency shelter entrants and crime rates (Bartelt et al., 2017), both finding significant 

positive relationships between emergency shelters and crime. However, arrest rates are an 

important variable to study because they more accurately measure the amount of police 

interaction in a neighborhood than crime rates can. Neighborhood police presence is a large 

piece in understanding how the unhoused population is treated. 

 There are two potential explanations for why there may be a relationship between arrest 

rates and emergency homeless shelters. First, it may be a spurious relationship better explained 

by social disorganization theory, where emergency shelters are a form of disorder, and crime and 

disorder are outcomes of concentrated disadvantage in a neighborhood (Shaw & McKay, 1942). 

Second, the relationship may be explained by the criminalization of homelessness, where anti-

homelessness laws cause greater police targeting in neighborhoods with shelters (Beckett & 

Herbert, 2009). This paper will explore these two explanations in the city of Washington D.C.  

D.C. ranks 6th in its unhoused population per capita among US cities, with a rate of 733 

per 100k residents and 4,922 unhoused people (Kim, 2023; Love & Loh, 2024). If D.C. was a 

state, it would have the highest per capita rate of homelessness in the country. Seventeen percent 

of the city’s unhoused are also unsheltered, which is defined as those who sleep in places not 

meant for human habitation, such as on the street or in a tent (Henry et al., 2021). Additionally, 
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DC is 43% Black and 39% White, making it the largest majority-Black city in the country (Perry 

& Donoghoe, 2023; DC Office of Planning, 2023). Lastly, the District has a poverty rate of 14%, 

higher than the national average of 11.1% (DC Office of Planning, 2023, U.S. Census Bureau, 

2025). These demographics make D.C. a prime candidate for homelessness research.  

 After Mayor Muriel Bowser assumed the role in 2015, she initiated Homeward D.C., the 

city’s official homelessness strategic plan. The plan’s major goal is to make homelessness a 

“rare, brief, and non-recurring experience” (DC ICH, 2015). Homeward uses a Housing First 

model, where housing is prioritized as the initial step in ending homelessness. Housing First 

programs do not deny applicants because of substance use disorders, a criminal record, or mental 

illness (Multnomah County Joint Office of Homeless Services, 2024).  

Housing First policies also seek to reverse the homelessness-jail cycle. More than 50,000 

people enter shelters directly from correctional facilities a year (Department of HUD, 2017), and 

people who have been incarcerated once are seven times more likely to experience homelessness, 

with the number increasing to thirteen times for those with multiple incarcerations (Couloute, 

2018). While the goal of Housing First is to place individuals in long-term housing, emergency 

shelters are necessary for individuals in more immediate danger. These shelters provide 

temporary housing relief and allow people to connect to additional resources like food banks, 

Medicare assistance, or employment offices and move toward greater stability (USICH, 2022).  

One of Homeward’s biggest reforms was to restructure the city’s emergency shelter 

system. The D.C. General homeless shelter opened in 2001, housed 1000 people at its peak, and 

was shut down in 2018 after a legacy of crime and literal broken windows (Jouvenal et al., 2014; 

Nirappil, 2018). To replace the mega shelter, a network of smaller service-enriched shelters was 

created. The plan has been successful, reducing family homelessness by 73% from 2015 to 2021 
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(DC ICH, 2015). This shift to smaller shelters creates an opportunity for neighborhood research. 

Block groups are the smallest geographical unit used by the U.S. Census to break down 

neighborhoods, containing between 600 and 3,000 people each, making them the most useful 

measure to understand neighborhood differences in the District (U.S. Census, 2022).  

Although not part of their formal duties, police officers in Washington D.C., and across 

the United States are tasked with managing crises among the unhoused population. Police 

officers receive limited training and have unclear directives on how to respond to these types of 

calls (McNamara et al., 2013). For the Metropolitan Police (MPD) specifically, their 

“Interactions with Homeless Persons” policy prioritizes referring such individuals to services and 

refraining from initiating contacts that may violate an individual’s rights (MPD, 2011). But this 

is not always possible, and officers are often limited to either an informal response, such as 

instructing individuals to move to a new location, or a formal response, such as issuing a citation 

or arrest (Herring, 2019). 

Lastly, residents often have a “not in my backyard” mindset when it comes to emergency 

homeless shelters, where many do not want to harm the unhoused population but do not want a 

shelter or supportive housing in their neighborhood. Neighbors often hold the belief that shelters 

will lower property values, hurt local businesses, and increase crime in the neighborhood 

(Schively, 2007; Wynne-Edwards, 2003). Generally, the public is fearful of the unhoused, 

perceiving them to be mentally ill and/or violent, and many have a neural response expressing 

disgust and dehumanization (Harris & Fiske, 2006). Thus, the police must respond to problems 

with the unhoused with little support and no real solution at their disposal.  

This paper will test whether the presence of an emergency homeless shelter is associated 

with the arrest rate in Washington, D.C. neighborhoods. 
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Chapter 2: Literature Review 

Social Disorganization Theory 

One potential explanation for a relationship between emergency shelters and arrest rates 

is spuriousness, or that it is an outcome of other neighborhood factors. This is best understood 

with social disorganization theory. In their formative study of Chicago’s neighborhoods and 

crime, Shaw and McKay (1942) found that crime is not evenly distributed geographically but 

tends to cluster in neighborhoods marked by elevated levels of concentrated disadvantage. They 

defined this concept as a set of factors, such as high poverty rates, ethnic heterogeneity, and 

residential mobility, among others. Concentrated disadvantage undermines a neighborhood’s 

capacity for social control due to the absence of collective community action (Shaw & McKay, 

1942). Homelessness and shelters can serve as indicators of concentrated disadvantage. 

 Police often view homelessness as a form of disorderly conduct that must be addressed to 

prevent more serious crime, a perspective shaped by the Broken Windows Theory (Wilson & 

Kelling, 1982). This theory has influenced several policing strategies targeting visible signs of 

disorder, such as homelessness. For example, Berk and MacDonald (2010) evaluated Los 

Angeles’s Safer Cities Initiative, an effort to reduce disorder in Skid Row, and found it led to 

small but meaningful reductions in crime. Similarly, studies in New York City reported that 

policing disorder was associated with declines in violent crime (Corman & Mocan, 2002; Kelling 

& Sousa, 2001). In other cities, such as Jersey City, NJ, and Lowell, MA, targeting social and 

physical disorder in crime hot spots resulted in fewer citizen calls for service and lower levels of 

violent crime (Braga & Bond, 2008; Braga et al., 1999). However, social disorganization theory 

offers a different perspective, suggesting that neighborhood disadvantage leads to both disorder 
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and crime. From this viewpoint, the presence of an emergency shelter, and potentially higher 

rates of crime and arrests, may be more a consequence of structural disadvantage than a cause. 

 A spatial analysis of Los Angeles’ neighborhoods found that homelessness had a 

significant and positive effect on person, property, and society crimes when holding social 

disorganization variables and total population constant (Ee & Zhang, 2022). They concluded that 

neighborhoods are crucial to the homelessness-crime relationship because homelessness only 

poses a significant risk factor for the safety of a neighborhood when it is highly concentrated (p. 

2211). This is exemplified in Los Angeles County, which contains Hollywood, West Los 

Angeles, and Venice, and has the highest poverty rate in the state of California at 23% (Bohn et 

al., 2019). A 10-year longitudinal Los Angeles study had different results, finding that only 

violent crime and homelessness had a positive association (Artz & Welsch, 2024). The 

researchers concluded that reducing property crime can reduce homelessness, and reducing 

homelessness can reduce violent crime (p. 32). These results support the theory that 

homelessness is a sign of disorder, and that it is an outcome of concentrated disadvantage. 

The current housing affordability crisis in the United States also lends itself to a social 

disorganization explanation. In January of 1980, the median average sale price for new homes 

nationally was $62,900 (U.S. Census, n.d.). As of March 2025, this number has ballooned to 

$403,600 (U.S. Census, 2025). The median sale price for a home in DC in 2025 was $642,500, 

55% higher than the national average. Additionally, the cost of living in the District is 42% 

higher than the national average (Redfin, 2025). These increased prices contribute to an 

estimated one in ten people in DC experiencing housing insecurity (Solari et al., 2023).  

Residents of Wards 7 and 8, which compose the Anacostia neighborhood, were 18% 

more likely to be housing insecure compared to the rest of D.C.’s population (Solari et al., 2023). 
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The Anacostia neighborhood of D.C. reflects several notable concentrated disadvantage 

indicators. Anacostia remains over 75% Black, has higher poverty rates, more gun violence, 

worse health outcomes, and a stagnating population compared to the city at large (Weil, 2021). 

More emergency shelters or higher arrest rates in Anacostia and across D.C. would represent 

additional concentrated disadvantage indicators.  

Criminalization 

Another potential explanation for a relationship between homeless shelters and arrest 

rates is criminalization. Many US cities utilize anti-vagrancy laws to exclude the unhoused from 

public spaces, termed by Beckett and Herbert as banishment (2009). Banishment policies blend 

civil, criminal, and administrative law to make legal challenges more difficult (Beckett & 

Herbert, 2009). In the 1990s, “civility” codes became popular, where many offenses commonly 

associated with homelessness, such as panhandling or public camping, were criminalized (p. 5). 

Since then, innovative banishment laws have been instituted, including Parks Exclusion Orders, 

Trespass Admonishments, and Off-Limits Orders, severely limiting the movement of unhoused 

people in cities.  

Park Exclusion Orders authorize police to ban individuals suspected of minor offenses 

from some or all public parks with little recourse (Beckett & Herbert, 2009). Trespass 

Admonishments are civil violations administered by police for being on a property “without 

legitimate purpose,” which prohibit a person from being on that property or set of properties, 

typically for a year. If he or she returns, it is considered Criminal Trespass. Trespass laws have 

been used broadly, like in New York City, where officers have excluded people from all public 

housing properties. Off-Limits Orders require individuals convicted of certain offenses to stay 

out of certain areas as a condition of their probation or parole, most commonly seen in “drug-
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free” or “prostitution-free” zones, but these zones can make up large swaths of a city. For 

example, in Seattle, the entire downtown area is considered a “drug-free zone” (Beckett & 

Herbert, 2009). In effect, banishment policies can contain and cluster unsheltered unhoused 

individuals in certain neighborhoods, such as near emergency shelters, which can then be 

patrolled heavily by the police (Chien et. al., 2024). 

San Diego, California, has civility codes and Park Exclusion Orders. A study conducted 

in the city found that for police stops involving unhoused individuals, the proximity to service 

providers like food banks, homeless shelters, or detox centers impacts the severity of stop 

outcomes (Brown et al., 2024). The researchers found that when a stop is farther from an 

emergency housing facility, there is an approximate 22.2% reduction in the odds of a formal 

outcome, defined as a citation, arrest, or psychiatric hold (Brown et al., 2024). This isolates 

neighborhoods with emergency homeless shelters as areas of interest that the police may target 

with more patrolling and punitive outcomes.  

Compounding the problems that banishment policies create is Not in My Backyard 

attitudes, or NIMBYism. Residents often do not want land developments that they deem harmful 

to their community, such as emergency shelters, affordable housing, and public transit 

infrastructure (Orr et al., 2024). These often well-connected and affluent townspeople vocally 

protest these new development proposals and have been largely successful in relegating such 

facilities to the outskirts of towns or otherwise undesirable areas (Orr et al., 2023).  

For example, NIMBY protests in Portland, Maine in 2019 resulted in a shelter being 

relocated from the gentrifying Bayside neighborhood to a wooded area at the city limits (Ginder, 

2025). As of May 2025, there is an ongoing NIMBY protest of a new shelter slated to open in 

Sheepshead Bay, Brooklyn (Kliger, 2025). Protesters voiced quality of life and public safety 
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concerns and filed an injunction challenging the development to be heard in court later this 

month.  

The June 2024 Supreme Court decision City of Grants Pass v. Johnson gives further 

credence to the criminalization explanation. The case originated in Grants Pass, Oregon, where 

the city’s Municipal Code includes several provisions that prohibit sleeping outdoors. These 

provisions were challenged for violating the Cruel and Unusual Punishment Clause of the 8th 

Amendment (Oyez, 2024). In the Court’s majority opinion, Justice Gorsuch wrote that enforcing 

public sleeping ordinances does not violate the 8th Amendment, even when alternatives do not 

exist. As part of its justification, Justice Gorsuch drew a parallel to the Powell v. Texas ruling, 

comparing criminal liability for a drunk in public as like that of an unsheltered individual outside 

(Zondo, 2024). This decision reversed 2018’s Martin v. City of Boise, which concluded that the 

Cruel and Unusual Punishment Clause of the 8th Amendment did prohibit such ordinances 

(Howe, 2024).  

UC Berkeley professors have stated that this decision has effectively criminalized 

homelessness (Pohl, 2024). The dissenting brief, written by Justice Sotomayor and joined by 

Justices Kagan and Jackson, argued that the majority’s ruling “leaves the most vulnerable in our 

society with an impossible choice: Either stay awake or be arrested” (Howe, 2024). Two months 

after the decision, at least 23 municipalities moved to criminalize homelessness by implementing 

camping bans that can result in fines, arrests, and jail time (Birmingham, 2024). As of January 

2025, that number has grown to roughly 150 cities in 32 states (Sequeira, 2025). Anti-

homelessness policies continue to build momentum. This was most recently reflected in plans 

from President Trump to forcibly move unsheltered individuals into large-scale tent cities, and to 

eliminate funding for Permanent Supportive Housing programs (Bierman, 2024; DeParle, 2025).  
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Current Study 

I hypothesize that the presence of an emergency homeless shelter is associated with 

higher arrest rates in Washington D.C. neighborhoods. I will not test the two explanations I 

provided above directly, but social disorganization theory and criminalization inform why I 

believe there will be a strong positive relationship between emergency shelters and arrest rates. 

This study is an important contribution to homelessness and criminology research because it uses 

arrests instead of crime data, measuring neighborhood police presence more accurately than 

other studies. Additionally, emergency shelter presence could be another variable of interest used 

in social disorganization theory research. While most research on homelessness is focused on 

California, specifically Skid Row in Los Angeles (Bittner, 1967; Brown et al., 2024; Chien et al., 

2024; Stuart, 2013), this research alone cannot accurately represent the nation’s homelessness 

crisis. This study expands the scope of homelessness research beyond California, examining the 

homelessness crisis in a majority-minority city with a growing affordable housing problem and a 

significant unhoused population. Most importantly, I hope this study inspires other researchers to 

expand on my methods and findings, as homelessness research is a multi-disciplinary, necessary, 

and rapidly expanding field covering a breadth of academic areas, such as criminology, 

sociology, and political science, among others. 
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Chapter 3: Data & Methods 

Data 

Collection Method 

First, data on arrests are taken from the D.C. Metropolitan Police Department (MPD) 

arrests by year files from 2023. Importantly, this data includes adult arrests only (18+). This data 

shows the frequency of arrests in a geographic area (block group) within a given year. The MPD 

Arrest data includes all the arrests in a particular year, as well as the latitude and longitude of 

where the arrest took place (Metropolitan Police Department, 2023).  

 Second, the locations of homeless shelters were acquired from the D.C. Department of 

Human Services through a FOIA request, resulting in 30 unique emergency shelter addresses. 

These data include the names, police districts, city quadrant, ward, and phone numbers of the 

shelters, along with the occupant use type, which is further divided into Residential, 

Clinics/Housing, and Short-Term Family Housing (STFH).  

Third, other block group characteristics are taken from data from the US Census Bureau. 

U.S. Census data was used to determine block group borders and add control variables. Controls 

were selected to give a broader understanding of a block group’s demographics and 

socioeconomic status.  

 

Analytic Sample 

In this study, I use Census block groups to capture neighborhoods in Washington, DC. 

Block groups are geographic divisions created by the U.S. Census to present data and typically 

contain a population between 600 and 3000 people. They are a further division of census tracts, 

the geographic divisions that contain 1200 to 8000 people (U.S. Census, n.d.). Block groups are 
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used in this study to divide Washington, D.C. into neighborhoods for analysis and focus on areas 

containing emergency shelters. I dropped block groups because the Census Bureau recommends 

block groups contain a minimum of 600 people or at least 240 housing units, and a maximum of 

3000 people or 1200 housing units, narrowing my sample size from 571 to 550 (Census Bureau, 

2018). From there, four block groups were dropped for missing data in the poverty status 

variable. This left me with a final analytic sample of 546 block groups. 

Measures 

Dependent Variable 

To test my hypothesis, I use one dependent variable: block group arrest rate. First, I 

geocoded the arrest locations into GIS. Using D.C.’s block group borders and the geocoded 

arrests, I calculated the arrest rate, where the number of arrests in a block group was divided by 

the adult (18+) population and multiplied by 1,000. This multiplier was chosen based on the 

average size of block groups (600-3000) to be as close to the normal population. Higher arrest 

rates in a block group indicate a larger police presence in a given area or a large number of 

resident complaints to the police. Low arrest rates do not necessarily indicate that there is less 

crime in a given block group, but that there is less police presence in the area. 

Independent Variable 

I geocoded the emergency shelter addresses to add them to my GIS map. The 

independent variable in this study is emergency shelter presence, where 1 = an emergency 

homeless shelter located in the block group and 0 = no emergency homeless shelter present. In 

my sample, 30 block groups had an emergency shelter and were marked with a 1. The other 516 

block groups were marked as 0s. 
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Control Variables 

 The first controls included are the adult Black and Hispanic populations in block groups, 

which I converted into proportions based on the total block group adult population. Race could 

be an influential variable given D.C.’s large Black population, especially due to 81% of the city’s 

unhoused population identifying as Black (Cuccia, 2024). Also, I took the number of vacant 

homes in a block group and turned it into a percentage, where the number of vacant homes were 

divided by total housing units and multiplied by 100. Many vacant homes indicate a less 

desirable and often poorer neighborhood. These three controls were included in the DC block 

groups shapefile (U.S. Census, 2021). Median Age was taken from the American Community 

Survey median age table, using the total across both sexes (United States, 2023). Age and crime 

are tightly related in terms of crime, so it is important to control. Poverty Status was taken from 

the American Community Survey poverty status in the past year table, which I converted into a 

percentage where the number of householders in poverty was divided by total households and 

multiplied by 100 (2020). Poverty status percent is the most direct measure of socioeconomic 

status, which could be associated with shelter presence. 

Methods 

Using my final analytic sample of 546 block groups, I created a descriptive table of all 

variables below for reference (Table 1). To answer my research question, I conducted a 

multivariable linear regression analysis, modeling the degree to which emergency shelter 

presence impacts the rate of arrest within D.C.’s block groups (Table 2). Before a linear 

regression was conducted in Stata, I created a map in GIS containing D.C. block group borders, 

2023 arrests, and emergency shelter locations to more fully understand the distribution of 

shelters and arrests in the city. Since block group arrest rate is a continuous outcome variable, a 
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linear regression was used, and several control variables were added to eliminate alternative 

explanations. 
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Chapter 4: Results 

Descriptive Analysis 

In Washington D.C., 5.1% of the final analytic sample of 546 block groups contain an 

emergency homeless shelter. The mean arrest rate across all block groups was 26.99 arrests per 

1000 residents. This varied significantly with a standard deviation of 34.33, indicating significant 

neighborhood differences. The average percentage of households in poverty across all block 

groups was 13.54% with a high standard deviation of 13.20. The average proportion of Black 

adults across all block groups was 0.41, but the Black population proportion is varied, with block 

groups being as little as 0.01 Black to as much as 0.97. The average adult Hispanic proportion is 

much smaller at 0.10, but it is similarly varied with a standard deviation of 0.08. The average 

percentage of vacant homes in a block group is 10.43%, with the max reaching to nearly 60% of 

all households. Lastly, the median age across all block groups is 37.49 years old. In all, these 

descriptive results indicate that there is a varied block group arrest rate, and concentrated 

disadvantage indicators like ethnic heterogeneity and poverty are not evenly distributed in 

Washington D.C.’s neighborhoods.  
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Table 1. Descriptive Statistics Table 

 

Observations Mean Std Deviation Min Max 

Block Group (BG)  

Arrest Rate 
550 

 

26.99  
34.33 0 365.27 

Shelter Presence 550 0.051 – 0 1 

Avg. BG Household Poverty Status % 546 13.54 13.20 0 63.14 

Adult Black Proportion 550 0.41 0.33 0.01 0.97 

Adult Hispanic Proportion 550 0.10 0.08 0.00 0.49 

Avg. BG Vacant House % 550 10.43 7.36 0 59.83 

Median Age 550 37.49 9.27 12 88 

 

 

Washington D.C. Maps 

 I created two distinct maps, the first being a choropleth map displaying 2023 arrests, where 

darker, more red colors display more arrests in a block group. The second map shows the locations of 

D.C.’s emergency shelters and other designated housing sites used under Homeward D.C.  

 When looking at Figure 1, there are more arrests on the East side of the city, in the Northeast and 

Southeast quadrants. The least arrests occurred in the Northwest quadrant of the city. There are more 
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arrests in the Petworth, Mount Pleasant, and Columbia Heights neighborhoods of central D.C., the 

Brentwood and Stadium-Armory neighborhoods of Northeast D.C., and Anacostia of Southeast D.C. The 

most consistently dark portions of the city are in Anacostia and Brentwood. 

 In Figure 2, the emergency shelter locations largely align with the darker sections of Figure 1. 

Shelters are highly concentrated in Anacostia, and then largely fall in central and Northeast D.C. There is 

only one emergency homeless shelter in Northwest D.C.  

 

 

Figure 1: Washington D.C. 2023 Arrests Choropleth Map 
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Figure 2: Washington D.C. Block Groups with Shelter Locations 
 

 
 
 

Multivariable Regression Analysis 

Block Group Arrest Rate and Emergency Shelter Presence 

The regression model reveals a consistent positive relationship between the presence of 

an emergency shelter in a neighborhood and the adult arrest rate. In block groups with an 
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emergency shelter, there are 24.4 more arrests per 1000 adult residents on average (Table 2). 

This is a 90% increase in arrests if a shelter is present compared to the mean block group arrest 

rate of 27 per 1000 adult residents (Table 1). Block groups composed of more poverty, Black 

populations, and youth are associated with more arrests. 

Control Variables 

For poverty status, a 1 percentage point increase is associated with a 0.29 increase in the 

arrest rate per 1000 residents (p < 0.05). A 1 percentage point increase in the proportion of adults 

who were Black is associated with a 0.31 increase in arrest rate (p < 0.001). A 1 percentage point 

increase in the proportion of Hispanic adults in a block group decreased the arrest rate by 0.21, 

but this association was not statistically significant. With vacant homes, a 1 percentage point 

increase was associated with a 0.34 increase in arrest rate, but this was not statistically 

significant. For median age, every additional year older in median age was associated with a 0.38 

decrease in arrest rate (p < 0.01).  
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Table 2. Multivariable Linear Regression Table 

Arrest Rate Coefficient Standard Error P-Values 

Shelter Presence 24.43 5.99 0.000 

Poverty Status % 0.29 0.12 0.016 

Black 18+ Proportion 31.07 4.81 0.000 

Hispanic 18+ Proportion -20.55 18.03 0.255 

Vacant House % 0.34 0.19 0.074 

Median Age -0.38 0.15 0.010 

 

 

 

 



 

 

20 
 

Chapter 5: Discussion, Limitations, & Future Directions 

Discussion 

 Referring to my hypothesis, the presence of an emergency homeless shelter is associated 

with higher arrest rates in Washington D.C. neighborhoods, and this association is statistically 

significant when controlling for neighborhood indicators of disadvantage. When an emergency 

homeless shelter is present in a block group, there are 26.99 more arrests per 1000 residents, 

indicating that there is a larger police presence in these neighborhoods. This aligns with previous 

research that found that police stops that occur closer to homeless shelters are associated with 

more formal outcomes, such as a citation or arrest (Brown et al., 2024). Two studies also found 

significant associations between homelessness and crime, with one measuring point in time (PIT) 

homelessness data and the other tracking the rate of shelter entrants (Bartelt et al., 2017; Ee & 

Zhang, 2022). Previous research corroborates my findings.  

 In terms of my two explanations for my hypothesis, that 1) arrest rates and homelessness 

are outcomes of concentrated disadvantage and therefore the relationship is spurious, and 2) 

homelessness is associated with arrests because of police targeting and anti-homelessness laws, I 

cannot make a conclusion as to which better explains my findings. My results call attention to 

the need for more research to tease out which explanation is better supported by data. However, 

the relationship between homeless shelter presence and the arrest rate still held up when 

accounting for several indicators of concentrated disadvantage, suggesting that something else, 

such as criminalization, may be at play.  

 While I cannot parse between my two explanations, I can make four main conclusions. 

First, an emergency shelter in a neighborhood is associated with a higher arrest rate. Second, 

there is a larger police presence in poorer neighborhoods that have emergency shelters. Third, 
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Black neighborhoods have higher arrest rates. Lastly, my median age findings, where as a 

neighborhood becomes older, the arrest rate decreases, is consistent with the age-crime curve.  

 These findings are significant because it warrants further examination of the impact of 

policing and Homeward D.C. on the city’s unhoused population. Despite the city’s Housing First 

goals, arrest rates are 90 percent higher in neighborhoods with shelters. Some of this is likely due 

to the unhoused population committing more crime, but it also signals that there is a 

disproportionate police presence in these neighborhoods. D.C. policymakers might use these 

results to evaluate how Homeward and Metro Police policies may be informing of this 

relationship, and how they can continue to divert unhoused people, especially the unsheltered, 

into services like temporary housing and substance treatment. Touching on Anacostia 

specifically, there is a breadth of history on its greater Black population struggling with 

concentrated disadvantage, and I found a disproportionate number of shelters, arrests, and higher 

arrest rates compared to the rest of the city. More work needs to be done to rectify the vast 

inequality in this portion of the city that has existed for decades, if not centuries.  

 

Limitations 

 There are several important limitations to note for my study. First, the Freedom of 

Information Act (FOIA) request that I made to the D.C. Department of Human Services only 

provided me with a list of currently open emergency shelters, limiting my data to analyze only 

2023. I had nine additional years of arrest data from 2013 to 2023, but due to my inability to 

track which shelters were open in which years, I had to limit my sample size significantly and 

create only one GIS map. If I had more years of shelter data, I would have more evidence of the 
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relationship between shelter presence and the arrest rate, providing stronger conclusions across 

several years.  

 Second, I could not evaluate policy in any way. In earlier versions of this study, I 

intended to evaluate Homeward D.C. for its effectiveness, and perhaps the degree of alignment 

between Homeward policies and Metro Police actions, but my limited method of multivariable 

linear regression could not capture this level of detail. A policy evaluation would require several 

more years of data, and most likely a qualitative analysis of key players in the homelessness 

crisis in the city.  

 Third, I cannot make conclusions on the unhoused population specifically because the 

DC arrest data did not provide enough specificity. While the data did include what the arrest was 

for, and a charge description, after parsing through the data, I could not identify any signifiers 

that an arrest involved an unhoused person, even if the arrest was for common crimes associated 

with homelessness like trespassing. My inability to narrow my arrest sample to arrests involving 

the unhoused population makes it difficult to understand this population’s interactions with the 

police, and the frequency of police interactions, fully.  

 Lastly, my study does not account for on-the-ground experiences from the MPD, 

Homeward DC government employees, or the unhoused population. By not accounting for their 

voices, it is hard to understand how the relationship between shelter presence and the arrest rate 

operates, especially incorporating the level of fear from the community, or any degree of 

NIMBYism that may be contributing to greater interactions in a neighborhood.  

Future Directions 

 Next, qualitative research is needed to understand policing the D.C. unhoused population, 

and the level of synergy the MPD has with Homeward D.C. If researchers and policymakers can 
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communicate more and understand how policies are working in conjunction with each other and 

how they are impacting the unhoused population themselves, the District can make better policy 

decisions that can aid more vulnerable individuals. This research should primarily consist of 

interviews with key players (MPD, city employees, unhoused pop.) to find ways to make 

homelessness policies more effective for all citizens of the city. It also might be interesting to 

survey D.C. citizens to gain a greater understanding of how fearful they are of the unhoused 

population, and how strong NIMBY attitudes may be in certain communities that may be fueling 

higher arrest rates. 
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